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» Embedded processors for commercialization
= Conventional system for researches
« Computers for Al recognition
= For commercialization
« Requires embedded systems

CES2017 BMW

CES2018 Baidu Apollo Al
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> NVIDIA Drive Thor (GTC 2022)
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= Both camera only platform & with LiDAR platform
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> Qualcomm, 24 E 22 Ride Vision System

= Arriver &= Qualcomm
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Perception and map
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Snapd ragon crowdsourcing ; Vislon Spectra ISP (&) driver monitoring camera
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for vision applications

Automotive 1 g el = Designed for system safety
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> From object recognition to 3D space reconstruction
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> 3D recognition with stereo cameras
= Pseudo LiDAR

Per-pixel depths from vision, without Lidar

Pseudo-LiDAR (Stereo)

-

Pseudo LiDAR Distance, Depth Extraction LiDAR2} Pseudo LiDAR H| il

=X : Autoview, Cornel university



> High resolution LiDAR
= Quster OS1
» Replacing camera with LiDAR?
« Imaging LiDAR

= Reusing conventional camera algorithms

Ouster
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GenAl accelerates the timeline for fully autonomous cars

LLMs will bridge the
communication gap
between passengers and
self-driving cars

GenAl-simulated

environments will lower

training costs

Pre-recorded
voice commands

Hyper-personalized experiences
based on natural conversations

Training relies on real-world

miles driven
v
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>
G h @
L J
FUTURE

GenAl-simulated environments
for training and safety testing

LLMs will improve safety
by providing explanations
to driving decisions

N . o
e
NOW

Driving decisions
made in a black box

Driving decisions explained
in clear language
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London NW Route
® Ready

. . Tell me what you are doing.
replaying model input

| am overtaking a stopped bus

What's the weather like? from the right.

\ \
.
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{ \

Why are you slowing down?

There is a jaywalker in front of the
bus

Do you drive differently?

e
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sk a new question

NVIDIA

© Wayve Technologies Ltd 2023
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Spatial reasoning Road comprehension Scene understanding
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Cameras
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